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State Space
• Sorts: nat, pname, mapping

• zero: nat

• s: nat ⟶ nat

• P1, P2, P3: pname

• empty: mapping

• map: pname, nat, mapping ⟶ mapping

• map(P1, 1, map(P2, 0, map(P3, 5, empty)))
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• SPIN-like language

• Guards, actions and processes
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• M: set of mappings from variables to int

• States = {(Stack ⨉ M) ⋃ (Guards ⨉ M) }

• test: bool, mapping ⟶ state

• Stack ops: 

• push(n, s), returns the new stack

• pop(s) returns the stack without top element

• top(s) returns top element of the stack
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• Apply local fixpoint in order to reduce peak effect
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 Sequence(Choice(Onen(Satn(S)),FixPoint(S)), Fixpoint(S))
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Conclusion

• General translation 

• Works well with common language constructions 

• Efficient implementation


